Visualization Analysis & Design

Visualization

Defining visualization (vis)

Computer-based visualization systems provide visual representations of datasets

designed to help people carry out tasks more effectively.

Why?!...

Why have a human in the loop?

Computer-based, ation systems provide visual repre:
designed to hel farry out tasks more effectively.
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when there is a need to augment human cép

* don’t need vis when fully automatic solution exists and is trusted

sentations a

Why use an external representation?

Computer-based visualization systems provid
designed to help people carry out tasks more €

* external representation: replace cognition with perception
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Why represent all the data? Analysis framework: Four levels, three questions Validation methods from different fields for each level Why analyze? TreeJuxtaposer

Computer-based visualization systems provide visua
designed to help people carry out tasks more effecti

* summaries lose information, details matter
—confirm expected and find unexpected patterns

¢ domain situation

—who are the target users!?

abstraction

—translate from specifics of domain to vocabulary of vis
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anthropology/ A Domain situation
ethnography Observe target users using existing tools

Q Data/task abstraction

@ Visual encoding/interaction idiom

* imposes a structure on huge
design space

—scaffold to help you think
systematically about choices
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Coordinate views: Design choice interaction
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