Visualization Analysis & Design

for Biology
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¢ introduction

Defining visualization (vis)

Computer-based visualization systems provide visual representations of datasets
designed to help people carry out tasks more effectively.

Why have a human in the loop?

Computer-basedyisuglization systems provide visual representations ¢
designed to hel® people farry out tasks more effectively.

there is a need to augment human capabilities 3
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Why? ¥ rather than replace people with computational decision-making methods.
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* many analysis problems ill-specified, not clear what questions to ask in advance
—don’t need vis when fully automatic solution exists and is trusted
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Why use an external representation?

designed to help people carry out tasks more

sbf datasets

* external representation: replace cognition with perception

Expression color scale

Why analyze? )

' Vis usagé cah be analyzed in terrﬁs of Whai data is shoWn, ‘why’th'e user needs it,

1 ad how the diom is tlie’sigrnyed..r_

* abstractions
—translate from specifics of domain to vocabulary of vis
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* summary and conclusions

TreeJuxtaposer

Scalable Tree Comparison using Focus+Context with Guaranteed Visibility

joint work with:
Franois Guimbretiére, Serdar Tasiran, Li Zhang,Yunhong Zhou

http://www.cs.ubc.ca/labs/imager/tr/2003/tj/
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What and why: Data and task abstraction

* data: trees
—phylogenetic tree reconstruction

> Trees

* siblings unordered, interior nodes inferred A?{l\

* task: compare topological structure
—larger query scopes require more explicit
tool support

* compare several is more difficult than
identify/inspect one
—even trickier: summarize all

* derived data: structural differences
—best corresponding node in other tree
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» Summarise

: Scalable Tree Comparison using Focus+Context with Guaranteed Visibilicy. == .
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How: Idiom design choices

How: Idiom design choices

How: Idiom design choices

MizBee contributions
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