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‘Which colourmap is the best at visualizing the data?

Paper contributions

Paper type: evaluation

Describes way to measure frequency-dependent
discriminative power function of a colourmap
o Discriminative power: ability to distinguish
different colours

o Frequency-dependent: more later

Defines metric for “overall discriminative power”

across entire range of a colourmap

Spatial frequency

e Discriminative power depends on

spatial frequency

Uniform colour spaces (UCS) intended
to be visually uniform
o Based on measurements between

large patches of uniform colour
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GP greyscale

Which colourmap should | use?

o Despite having the
highest discriminative
power, the thermal
colourmap is confusing.

e Same also applies to
divergent colourmaps,

to some degree.
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(Own) critique

o Instead of reweighting CIELAB in a way that is
good for all datasets, maybe it would be better to
collect data for many frequencies and reweight
based on data that is currently being plotted

Minimum discriminative power may be a better

metric than mean discriminative power

Outliers were manually removed

Sample size a bit small: only 21 - 35 participants

per colourmap
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