e Hannah Murphy

my mother was giggling at this and told me
to "take a look at that adorable dachshund,
he's sleeping", she was looking at a purse:

Visualizations are
ambiguous figures

But in visualizations,
multi-stable interpretation
is ubiquitous

Visualizations are ambiguous figures
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The smaller bar is yellow

The larger bar is blue

The left bar is blue

The right bar is yellow

The yellow bar is smaller

The blue bar is larger

The left bar is larger

The right bar is smaller

The blue bar is on the left
The yellow bar is on the right
The smaller bar is on the right
The larger bar is on the left

Reading a graph can be like
reading a paragraph
Carpenter & Shah, 1998




Perceptual Routines

Avre there fewer pears than blueberries?

Are there more limes than blueberries?

6-Year Olds 8-Year Olds College Students
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- ~ i >~ 4 >
Left Bar Right Bar Left Bar Right Bar Left Bar Right Bar

6-Year Olds ‘ 8-Year Olds . College Students
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R2=.05 R2=.41

AN

Question Question Question Question Question Question
- Incongruent Congruent '~ Incongruent Congruent +~  Incongruent Congruent

Michal, Uttal, Shah, & Franconeri (2016). PB&R.

Are there more blueberries than oranges?

Slower RT 8 year-old
Left to right perceptual order, regardless of question

Are there more oranges than blueberries?

Faster RT 8 year-old
Fixation order congruent with question
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American  Dutch

“On average,
Dutch people are
taller than Americans”

Height

—

American Dutch

“On average, people become
taller as they become more
Dutch”

Zachs & Tversky, 1999
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* Main effect of damage

* But not whole story - seed impact not
from damage per se.

- Hummingbirds show a big impact

- No hummingbirds = no impact
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* But why are damaged flowers better off
with no hummingbirds around?
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