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Attribute Types

' continuous (quantitative)
10 inches, 17 inches, 23 inches
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Attribute Types

= continuous (quantitative)
10 inches, 17 inches, 23 inches

= ordered (ordinal)
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Attribute Types

= continuous (quantitative)
10 inches, 17 inches, 23 inches

= ordered (ordinal)
mall, medium, large
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& categorical (nominal)
= 3ppes, oranges, bananas

More Attribute Types: Stevens

= further subdivision of quantitative

= intersal: O location arbitrary
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Attribute Semantics

= spatial /nonspatial
= temporal/nontemporal
 independent /dependent
' continuous/discrete

= dimensions measures.

= Goabaes voca, sed i Poars

Dataset Semantics

 spatialfabstract
= spatial felds i independent spatial attribs
= sbstract othenvise: must choose spatial ayout

Attributes: Multidimensional Tables
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Dataset Semantics

 spatialfabstract
= spatial fields i independent spatial attibs
u sbstract oth
 static/timevarying
imevarying if independent temporal dimension
=t diffrent than static/dynamic dataset types

serwise: must choose spatial yout

data: simple specal case




Data Models vs. Conceptual Models

Derived Attributes Example

Other Data Taxonomies

' Shneiderman's data-+task taxonomy: data
. 30, temporal, D, trees, netvorks
= Hanrahan's adition
= toxt and documents
[Shniderman, The Eyes Have I: A Task by Data Type Taxonomy for
Information Visualizations. Pro, 1996 EEE Visual Langusges]

Derived Attributes and Spaces

= derived attribute: compute from originals
u simple change of type
= complex transformation using global information
u derived spaces
» ot withderved kv tes
 be only tiribs, or derived-orgina attibs
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 data model: mathematical abstraction

st with operations
5. integers or floats with +.+

= conceptual model: mental construction
neludes semantics, support dat
= <. navigoig trough cy vsing landmarks

' conceptual model motivates derived data
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Derived: Feature Detection in Fluids

Derived Attributes Example

& data model

' conceptual model
temperature

Derived Attributes Example
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Derived Space: Strahler Numbers for Trees

s S b okoation of bge g Do Auker
o Compts o o G 208 5 5581

(G Thic St eond Wi, i A o

o esics

G TS Lo Wik, v A, rd et

Derived: Graph-Theoretic Scagnostics Scagnostics Measures Scagnostics Measures Time
= SPLOM: satterplos matrx = scatioplt measure: monotorc, gy, sy, comver P
Srated,spars, lmpy, showed, utying o same o diflrnt? depends an POV
= N Y  same
i/ L.l L L. it e st one ind of sbstac putdimension
s 4~ Fl = diferent
77 LI o W it semanic (time s of dymamicaly changing
991/ ANGH] T )
Z ot s encocingchannl o sempoa change ey
AR - ] different than spatial position change.
Sl zrs oy : i @ s i b et
ris 3 s erpaoe ety scos mestes han scoss
I i pasiion

Circles, Lat/Long

Polari

Polaris

 infovis spreadsheet
a table cell
' not just numbers: graphical clements
= wide range of retina variables and marks
= e s ¢ e e
mal lan
 inftnced by Wikinon's Gramma of Grapics
Grammar of Graphics, Springer-Verlsg 1999
' commercialzed as Tableau Software
good sandbos for projects!
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Polaris: Circles, State/Product:Month

[Pos: Sy for Qo At 00 itz o Wl dersions
Rebtionl rsooes Chs Sk, D Tors rd s vt 1EEE TVCG, (1)

Polaris: Gantt Bar, Country/Time

|
|
|
|
|
1

T a0)

o Gy Ar

=

Lo Sy o Gy, Arstyis s Vst of Wl dvrsicnt.
m,w ot G Sk, D Trs 7 o Fonrton, IEEE TVCG, (1)

]

P

S




Polaris: Circles, Profit/State:Months
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Fields Create Tables and Graphs

= Orinlfldss it s s tht parions
table into.
= Quarter = le))1an)‘(0tv37‘l0uﬂ)

= Quantitativ fields: treat fild as single element sequence
and encode as axes:
u Profit = (Profit) <




