Play and Learn: Using Video Games to

Train Computer Vision Models

Alireza Shafael, James J. Little, Mark Schmidt
University of British Columbia

BMVC 2016

o o Datasets
Video Games vs. Reality Datasets

Synthetic CamVid [1] Cityscapes [2]

* Synthetic. A camera is mounted on a car, and an autonomous

Video game Google street view driver wanders around the city while a separate process
Are existing video games visually realistic enough to improve captures data. We collect over 60,000 samples with annotation.
computer vision models in practice?  CamVid and Cityscapes. A 5-class annotation of the data.

 CamVid+ and Cityscapes+. A 12-class annotation of the data.

Why Video Games?
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various pre-training strategies, and (ii) cross-dataset evaluation.
* Depth Estimation. Measure the improvement in image patch
ordering task under the method of Zoran et al. [4].
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