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Introduction

Our Vision:

Preventing self-interruptions during reading by analyzing gaze data.

• Self-interruptions

• Reader initiated task switches, non reading related

• Account for half of all interruptions and are more disruptive

Czerwinski et al. 2004, González and Mark 2004

• Prevention

• Self-interruptions are more disruptive than other interruptions

Katidioti et al. 2016
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Contributions

• GaRSILogger: Gaze Reading Self-Interruption Logger

• A reading application connected to an eye tracker

• Logs gaze data and self-interruptions

• GaRSIVis: Gaze Reading Self-Interruption Visualizer

• A visualization front-end for gaze data cleansing

• A prediction back-end to run as data improves

• Relies on data collected by GaRSILogger
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GaRSILogger

• A PDF viewer application 

• Logging gaze data

• Fixations

• Raw Gaze

• Head Position

• Tagging self-interruptions

1. Application switches

2. Absence of Gaze
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GaRSILogger: Implementation

• Eye tracking using a Tobii Eye Tracker 4C ($150)

• GaRSILogger is implemented as an Electron application rendering PDFs 

using PDF.js

github.com/Hirse/GaRSIVis
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GaRSILogger: Data Collection

• Data collection of “natural reading”

• 24 reading sessions across 8 people

• PDF of readers’ choice

• Reading sessions split into segments of 

three types

• Normal reading

• Before a self-interruption

• Invalid (for our analysis)
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GaRSIVis

• A visualization front-end for gaze data cleansing

• A prediction back-end to run as data improves

OverviewData Cleansing Prediction Results
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GaRSIVis: Overview

• Sparklines showing fixation count 

per second

• Color to encode reading segments
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GaRSIVis: Overview

• Sparklines showing fixation count 

per second

• Color to encode reading segments
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GaRSIVis: Data Cleansing

• Navigate from the overview list of 

readings to analyze a single reading

• Brush and Zoom for detailed 

inspection and annotation

• Mark an area as invalid to exclude 

from further analysis
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GaRSIVis: Prediction Results

• Invalid segments of data removed

• Detailed analysis of prediction 

features

• Colors represent predicted label

• Misclassifications are tagged by 

small tick marks in gold
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GaRSIVis: Implementation

Front-End

• Angular as base framework

• Angular Material for design and components

• D3.js rendering SVG for visualization

Back-End

• Python WebSocket Server

• Prediction with scikit-learn

• Logistic Regression Classifier

github.com/Hirse/GaRSIVis
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Implications

Preventing self-interruptions during reading before they occur.

Next steps:

• Assisted automatic data cleansing

• Comparison of classifiers

• Improved prediction model
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