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Additional Comparisons with Cho [3],
Kim and Lee [15], and WFA [5]
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Analysis on DeBlurNet



Depth of DBN

 Here we compare DBN with a slightly shallower version, where D3 to
F4_3 are removed. The bottleneck layers in DBN greatly help with
handling misalignment and aggregation.
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|_ate v.s. Early Fusion

 Here we compare different fusion strategies. While late fusion
occasionally helps with challenging cases where DBN+Noalign falls,

this Improvement is not consistent. This might be related to the
failure ot artifacts/misalignments detections without the presence of

reference frame.
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Visualization of Filters Learned

 Here we visualize some filters learned from DBN, specitically at FO.
't can be observed that DBN not only learns to locate the
corresponding color channels in the Input stack, but Is also able to
learn to extract edges of different orientations, and to locate the
warping artifacts.



Filters and responses from FO at DBN+Flow, that appear to
find color channel correspondences.
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Filters and responses from FO at DBN+Flow, that appear to
find color channel correspondences.



Filters and responses from FO at DBN+Flow, that appear to
find edges.



Edges

Filters and responses from FO at DBN+Flow, that appear to
find edges.



Filters and responses from FO at DBN+Flow, that appear to
detect warping artifacts.



QII0EILZES
LR S
)

Filters and responses from FO at DBN+Flow, that appear to
detect warping artifacts.



Convergence

* A convergence plot is given here.



0.08

0.07

o o
=) o
5 >

Averaged L1 error per pixel
S
I

0.03

0.02

training error
validation error

0

40k 50k 60k 70k
lterations

10k 20Kk 30k

Convergence, DBN+Flow

80k



