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Abstract. SATLIB is an online resourcefor SAT-relatedresearchestablishedin June1998. Its
core components,a benchmarksuite of SAT instancesand a collection of SAT solvers, aim to
facilitateempirical researchon SAT by providing a uniform test-bedfor SAT solvers alongwith
freely available implementationsof high-performingSAT algorithms.In this article, we give an
overview of SATLIB; in particular, we describeits currentsetof benchmarkproblems.Currently,
themainSATLIB website(http://www.informatik.tu-darmstadt.de/AI/SATLIB) anditsNorthAmer-
ican mirror site (http://www.cs.ubc.ca/˜hoos/SATLIB) arebeingaccessedfrequentlyby a growing
numberof researchers,resultingin accessratesof about250hits permonth.To furtherincreasethe
usefulnessof SATLIB asa resource,we encourageall membersof the communityto utilise it for
their SAT-relatedresearchandto improve it by submittingnew benchmarkproblems,SAT solvers,
andbibliographyentries.
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1. Introduction

Thesatisfiabilityproblemin propositionallogic (SAT) is oneof themostpromi-
nent problemsin artificial intelligence,logic, theoreticalcomputerscience,and
variousapplicationareas.In the past,a large body of researchhasfocussedon
SAT and recently, the interestin SAT seemsto be increasingas witnessedby
a growing numberof SAT-relatedpaperspublishedin journalsandpresentedat
majorconferences.At thesametime, in particularin AI, empiricalstudiesof SAT
problemsandalgorithmshave becomeincreasinglypopularandleadto important
insightsinto thenatureof theproblemaswell asto dramaticimprovementsin SAT
algorithmswhich, to date,cansolve hardinstanceswith thousandsof variables.

Consideringthe increasinginterestin SAT, in 1998 we createdSATLIB as
an online repositoryof benchmarkproblemsand solvers for SAT. The original
motivation behindSATLIB was to facilitate andencourageempirical studiesof
SAT algorithmsthatmake useof a commonsetof benchmarkinstancesandSAT
solver implementationsin order to improve the assessmentof new algorithmic
ideasor classesof SAT instancesandto enhancethe comparabilityof published
empiricalresults.Theadvantagesof widely usedcollectionsof benchmarkprob-
lemsandreferenceimplementationsof algorithmshave beenrecognisedin many
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areasof computerscienceandrelatedfields;consequently, varioussuchcollections
have beenestablishedandmadeavailableonline.Somewell known examplesare
TSPLIB(containingavarietyof TSPandTSP-relatedinstances),ORLIB (provid-
ing test instancesfor a variety of problemsfrom OperationsResearch),TPTP(a
collectionof probleminstancesfor theoremprovers),and,morerecently, CSPLIB
(a benchmarklibrary for constraints).For SAT, two collectionsof benchmarkin-
stanceshave beenexisting prior to SATLIB: the benchmarkcollection from the
SecondDIMACSChallenge[16], andthecollectionfrom theBeijing SAT Compe-
tition (seehttp://www.cirl.uoregon.edu/crawford/beijing/). Thesebenchmarksets
areavailableonline, but they arestatic in the sensethat no new problemswere
addedafter the initial realse,and hence,when SATLIB was created,they were
partlyout-dated.

From thebeginning, theconceptof SATLIB wasto provide not just a bench-
marklibrary for SAT, but ratheranincreasinglycomprehensive resourcefor SAT-
relatedresearchincluding implementations,resultsfrom the evaluationof SAT
algorithms,a list of peopleinvolved in researchon SAT, pointersto SAT-related
websites,events,andanannotatedbibliography. SATLIB is meantto beanopen
resourceandwill becontinuouslyextendedin thefuture.

In thefollowing sectionswegiveanoverview of thecurrentreleaseof SATLIB.
In particular, we motivateanddescribeourselectionof benchmarkinstances,out-
line theSATLIB solver collection,andstatethesubmissionguidelinesfor bench-
mark instances,solvers,andbibliographyentries.We alsodiscussothercurrently
availablecomponentsof SATLIB, suchasthe annotatedbibliography, andfinish
with someconcludingremarksandfutureplans.

2. The SATLIB Benchmark Suite

Themostobviousbut alsothemostimportantfunctionof a benchmarklibrary is
to facilitatethe useof the samesetof probleminstancesacrossdifferentstudies
andthusto enhancethe comparabilityof the respective results.Therefore,these
probleminstanceshaveto beeasilyaccessibleandusablefor experimentalstudies.
Different from the situationfor CSP, thereexists a widely usedformat for SAT
instances:thecnf format from theSecondDIMACSBenchmarkChallenge.This
formatis currentlyacceptedby almostall of thebest-performingSAT solversand
tools,it is simpleto parseandgenerate,reasonablyconciseandflexible, portable
acrossdifferentplatforms,andhuman-readable.Therefore,all SATLIB benchmark
instancesarecurrentlyofferedin cnf format.

Generally, benchmarksetsshouldcontaina large variety of differenttypesof
probleminstances,suchthat they canbe usedasa basisfor evaluatingdifferen-
t types of algorithmsin as unbiasedas possiblea way. Furthermore,different
typesof studieswill focuson probleminstanceswith differentproperties,anda
benchmarkset becomesmore useful if it can supporta broaderrangeof stud-
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ies. SATLIB offers four different typesof problems:randomlygeneratednative
SAT instances,SAT-encoded,randomlygeneratedprobleminstancesfrom other
domains,instancesfrom direct applicationsof SAT, andSAT-encodedinstances
from other applicationdomains.For most of theseproblemtypes,thereare in-
stancesof differentsizes.For randomlygeneratedinstances,suchasRandom-3-
SAT, SATLIB provides standardisedtest-setssampledfrom the underlyingdis-
tributions.Sinceit is known that for thesedistributions, instancehardnessmay
oftenvary stronglybetweenthesampledinstances[12, 15], makingstandardised
test-setsavailable rather than only providing the generatorsoffers considerable
advantagesfor thecomparabilityandreproducibilityof empiricalresults.For en-
codedinstances,we avoid encodingswhich increasethe difficulty of solving the
instancessignificantly.

Generally, we focuson probleminstanceswhich areintrinsically hardor diffi-
cult to solve for abroadrangeof algorithmsandavoid instanceswhichareknown
to betrivially solvable.While easyinstancescanbesometimesusefulfor illustrat-
ing or investigatingpropertiesof specificalgorithms(for examplepolynomially
solvable instanceswhich are hard for certain,otherwisehigh-performingalgo-
rithms),webelievethatthey shouldnotbeusedasgeneralbenchmarkproblems,as
thiscaneasilyleadto heavily biasedevaluationsandassessmentsof theusefulness
of specificalgorithms.Hence,SATLIB’ s benchmarkcollectioncomprisesmostly
instanceswhichareknown to behardfor awide rangeof SAT algorithms.

To avoid somewell-known pitfalls of benchmarking[10, 11], benchmarkli-
brariesshouldgenerallynotbestatic,but allow to beupdatedwith new challenging
problems.As elaboratedin Section4, SATLIB thereforeencouragesthesubmis-
sion(andretraction)of benchmarkproblemsandthuslivesof thecontribution of
peopleinvolvedin SAT research.In thefollowing, wegive abrief overview of the
benchmarksuitecurrentlyavailablethroughSATLIB.

2.1. UNIFORM RANDOM-3-SAT

Uniform Random-3-SAT is a family of SAT instancedistributions obtainedby
randomlygenerating3-CNFformulaein thefollowing way: For an instancewith
n variablesand k clauses,eachof the k clausesis constructedfrom 3 literals
which arerandomlydrawn from the2n possibleliterals (then variablesandtheir
negations)suchthateachpossibleliteral is selectedwith thesameprobabilityof
1
�
2n. Clausesare not acceptedfor the constructionof the probleminstanceif

they containmultiple copiesof the sameliteral or if they are tautological(i.e.,
they containa variableandits negation).Eachchoiceof n andk thus inducesa
distribution of Random-3-SAT instances.Uniform Random-3-SAT is theunionof
thesedistributionsoverall n andk.

Oneparticularlyinterestingpropertyof uniform Random-3-SAT is theoccur-
renceof aphasetransitionphenomenon,i.e.,arapidchangein solubility whichcan
beobservedwhensystematicallyincreasing(or decreasing)thenumberk of claus-
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esfor fixedproblemsizen [19, 25]. Moreprecisely, for smallk, almostall formulae
areunderconstrainedandthereforesatisfiable;whenreachingsomecritical k � k� ,
the probability of generatinga satisfiableinstancedropssharplyto almostzero.
Beyond k � , almostall instancesare overconstrainedand thus unsatisfiable.For
Random-3-SAT, thisphasetransitionoccursapproximatelyatk� � 4 � 26n for large
n; for smallern, the critical clauses/variableratio k� � n is slightly higher[2, 25].
Furthermore,for growing n thetransitionbecomesincreasinglysharp.

Empirical analysesshow that probleminstancesfrom the phasetransitionre-
gion of uniform Random-3-SAT tendto be particularlyhardfor both systematic
SAT solvers[2] andstochasticlocal searchalgorithms[28]. Striving to testtheir
algorithmson hard probleminstances,many researchersusedtest-setssampled
from the phasetransitionregion of uniform Random-3-SAT (see[7, 23, 24] for
someexamples).Althoughsimilarphasetransitionphenomenahavebeenobserved
for othersubclassesof SAT, includinguniform Random-k-SAT with k � 4, these
have never gainedthe popularityof uniform Random-3-SAT. Maybeoneof the
reasonsfor this is theprominentrole of 3-SAT asa prototypicalandsyntactically
particularlysimple ��� -completeproblem.

TableI. Uniform Random-3-SAT test-sets;theuf � test-setscontainonly
satisfiable,theuuf � test-setsonly unsatisfiableinstances.

test-set instances clause-len vars clauses

uf50-218/ uuf50-218 2 	 1,000 3 50 218

uf75-325/ uuf75-325 2 	 100 3 75 325

uf100-430/ uuf100-430 2 	 1,000 3 100 430

uf125-538/ uuf125-538 2 	 100 3 125 538

uf150-645/ uuf150-645 2 	 100 3 150 645

uf175-753/ uuf175-753 2 	 100 3 175 753

uf200-860/ uuf200-860 2 	 100 3 200 860

uf225-960/ uuf225-960 2 	 100 3 225 960

uf250-1065/ uuf250-1065 2 	 100 3 250 1,065

In SATLIB we includedtest-setsof satisfiableandunsatisfiableinstancessam-
pledfrom Uniform Random-3-SAT distributionsfrom thesolubility phasetransi-
tion region at ca. 4.26 clausesper variable[19, 25], wherethe averageinstance
hardnessfor both, systematicandstochasticlocal searchalgorithmsis maximal
[2, 28]. Satisfiableandunsatisfiableinstanceswereseparatedusingfastcomplete
SAT algorithms.This separationis particularlyadvantageouswhenusingthetest-
setsfor evaluatingincompleteSAT algorithmswhich cannotdetermineunsatis-
fiability. Table I shows the characteristicsof the test-setscurrently includedin
SATLIB; theserangefrom n � 50to n � 250variableswith 100instancespertest-
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set,exceptfor n � 50 andn � 100,for which test-setswith 1,000instanceseach
areprovided.

2.2. GRAPH COLOURING

The Graph Colouring problem (GCP) is a well-known combinatorialproblem
from graphtheory: Given a graphG ��
 V � E 
 , whereV ��� v1 � v2 ��������� vn � is the
set of verticesand E � V � V is the set of edgesconnectingthe vertices,find
a colouringC : V �� IN, suchthat neighbouringverticeshave different colours.
When transformingGCP into SAT, a decisionvariant is encodedfor which the
objective is to find a colouringfor a given numberof colours.(The optimisation
variant,which searchesfor a colouringwith a minimal numberof colours,canbe
solvedby solvinga seriesof suchdecisionproblems.)

SATLIB containsseven test-setsbasedon 3-colourableflat randomgraphs
with 50 to 200 verticeswhich werecreatedusingJoeCulberson’s randomgraph
generator(availablefromhttp://web.cs.ualberta.ca/ j̃oe/Coloring, JoeCulbersons’s
GraphColoring Page.).The connectivity (edgesper vertex) of thesegraphswas
adjustedin sucha way that theinstanceshave maximalhardness(on average)for
graphcolouringalgorithmslike theBrelazheuristic[9]. Eachtest-setcontains100
instancesexceptfor the50 vertex test-set,which comprises1,000instances.The
GCPinstancesweretransformedinto SAT by usingastraightforward,yetefficient
encodingknown from theliterature[4]. Thecharacteristicof theSATLIB test-sets
thusobtainedareshown in TableII.

TableII. SAT-encodedGraphColouringtest-sets(flat randomgraphs).

test-set instances vertices edges colours vars clauses

flat50-115 1,000 50 115 3 150 545

flat75-180 100 75 180 3 225 840

flat100-239 100 100 239 3 300 1,117

flat125-301 100 125 301 3 375 1,403

flat150-360 100 150 360 3 450 1,680

flat175-417 100 175 417 3 525 1,951

flat200-479 100 200 479 3 600 2,237

Anotherinterestingclassof GraphColouringProblemsis obtainedby morph-
ing regularring latticeswith randomgraphs[6]: A (typeB) p-morphof two graphs
A ��
 V � E1 
 andB ��
 V � E2 
 is a graphC ��
 V � E 
 whereE containsall theedges
commonto A andB, a fraction p of theedgesfrom E1 � E2 (theremainingedges
of A), anda fraction 1 � p of the edgesfrom E2 � E1. The problemsconsidered
hereareobtainedby morphingregularring lattices,wheretheverticesareordered
cyclically andeachvertex is connectedto its k closestverticesin thisordering,and
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randomgraphsfrom thewell-known classGnm. Themorphingratio p controlsthe
amountof structurein theprobleminstances,andby varying p, thebehaviour of
variousalgorithmsdependingon the degreeof structureandrandomnesscanbe
studied[6].

SATLIB contains9 test-setssw100-8-lpx-c5, wherex ��� 0 � 1 ������� � indicatesa
morphingratio of 2� x. Eachof thesetest-setscontains100 instanceswhich were
generatedusinga generatorprogramprovided by Toby Walshandthenencoded
into SAT using the sameencodingas the graphcolouring instancesdescribed
above [4]. The underlyinggraphshave 100 verticesand 400 edges,the regular
ring lattice usedfor morphingconnectseachvertex to its 8 nearestneighbours
in the cyclic ordering.For 0 � p � 1, the chromaticnumberof the graphsthus
obtainedvaries.Usingaspecialgraphcolouringprogramprovidedby JoeCulber-
son,we filtered out all instanceswith c �� 5 colours(the regular ring lattice, i.e.,
the morphedgraphfor p � 0, haschromaticnumber5). Oneadditionaltest-set,
sw100-8-p0-c5 containsthe uniqueprobleminstancecorrespondingto the ring
latticegraph(morphingratio p � 0). All instancesin thesetest-setsaresatisfiable
andcontain500variableand3,100clauseseach.[6] show thatfor smallp (around
0.01), theseinstancesarehardestfor local searchalgorithms,suchasWalkSAT
[26], while for higherp (around0.2),someof theinstancesareextremelyhardfor
systematicsearchalgorithms,suchasSATZ [20].

2.3. PLANNING INSTANCES

Recentlyit hasbeenshown that someAI Planningproblemscan be efficiently
solvedby encodingtheminto SAT andthenfinding modelsof theSAT formulae
usingstandardSAT algorithms.This approachhasshown to becompetitive with
or even to outperformstate-of-the-artgeneral-purposeplanningalgorithms[18].
In SATLIB we includedSAT encodingsfrom two well-known planningdomains,
the Blocks World domainand the Logisticsdomain.In Blocks World Planning,
starting from someinitial configuration,a numberof blocks has to be moved
to reachsomegiven goal situation; in Logistics Planning,packageshave to be
movedbetweenlocationsin differentcitiesusingtrucksandairplaneswith limited
capacity.

Our benchmarksetcontainsthe four largestBlocksWorld Planninginstances
andfour LogisticsPlanninginstancesfrom HenryKautz’sandBartSelman’sSAT-
PLAN distribution. Theseinstancesaredescribedin TableIII; despitethe reduc-
tionsmentionedabove, they arestill very largewhencomparedto otherinstances
of ourbenchmarksuite.

The SAT encodingusedfor generatingthe benchmarkinstancesrelies criti-
cally on techniquesfor reducingthe size of the CNF formulae.Theseconcern
the particularway of definingthe propositionalvariablesaswell asthe applica-
tion of well-known propositionalreductionstrategies, like unit propagationand
subsumption,which areusedto simplify the formulaebeforeapplyingstochastic
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localsearch.Thesereductionscanbecomputedin polynomialtimeandeliminatea
numberof propositionalvariableswherebythesearchspaceis efficiently reduced.
Details on the SAT encodingusedto generatethe benchmarkinstancescan be
foundin [18, 17].

TableIII. SAT-encodedBlocksWorld PlanningandLogisticsPlan-
ning instances.

instance packages/ blocks plansteps vars clauses

logistics.a 8 11 828 6,718

logistics.b 5 13 843 7,301

logistics.c 7 13 1,141 10,719

logistics.d 9 14 4,713 21,991

bw_large.a 9 6 459 4,675

bw_large.b 11 9 1,087 13,772

bw_large.c 15 14 3,016 50,457

bw_large.d 19 18 6,325 131,973

2.4. INSTANCES FROM OLDER BENCHMARK SETS

Finally, SATLIB alsocontainsthe instancesfrom the benchmarksetestablished
duringtheSecondDIMACSChallenge[16] andthoseof theBeijing SAT Compe-
tition. Thesebenchmarksetscontainsatisfiableaswell asunsatisfiableinstancesof
widely differentsizeandhardness.Most of themareSAT-encodedinstancesfrom
otherproblemdomains,includinggraphcolouring,booleanfunctionlearning,test
patterngenerationfor VLSI circuits,and inductive inference;furthermore,there
is alsoa numberof instanceswhich have beengeneratedusingvariousrandom
techniques.Becauseof spacerestrictions,we cannotgive detaileddescriptionsof
all theseinstanceshere;however, suchdescriptionscanbefoundin SATLIB.

It should be noted that someof the larger DIMACS and Beijing instances
containseveral thousandsof variablesandtenthousandsof clauses.Yet, their size
is not always indicative of their hardness.In the courseof extensive evaluations
of differentSAT algorithms(seealsoChapter?? [add reference to other H+S
chapter]) wefoundthatsomeof thesebenchmarkinstancescouldbesolvedusing
polynomial preprocessingtechniques.Furthermore,thereare instancesof SAT-
encodedproblemswhichcanbeefficiently solvedin theoriginalproblemdomain,
but seemto be very hardto currenttechniquesfor solving SAT problems.These
aspectsof instancehardness,as far as we are aware of them, are noted in the
problemdescriptionsincludedin SATLIB.
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3. The SATLIB Solver Collection

TheSATLIB SolversCollectioncontainstheoriginal distributionsof someof the
most powerful SAT algorithmswe are currently aware of. It comprisessolvers
basedon stochasticlocal searchas well as systematicsearchalgorithms,all of
which arecodedin C or C++ andarerelatively easyto compileandrun in any
Unix-like environment.Thesolversincludedin SATLIB generallyaccepttheDI-
MACScnf-formatusedfor all theSATLIB benchmarkinstances.Hence,they can
be easilyusedfor thecomparative analysisof newly developedSAT algorithms,
for solvingSAT problemsof interest,or for analysingtherelative advantagesand
disadvantagesof thedifferentimplementations.

The solvers basedon stochasticlocal searchcomprisethe two probablybest
known familiesof local searchalgorithmsfor SAT: GSAT [27] andthemorere-
centWalkSAT [26]. Theimplementationsavailablefrom SATLIB cover thebasic
algorithmsas well as numerousvariants,suchas GWSAT [26], GSAT/TABU,
HSAT [7], WalkSAT/TABU, Novelty, R-Novelty [24], Novelty andR-Novelty 
[13]. Wereferto Chapter?? [add reference to other H+S chapter] for adetailed
investigationinto theperformanceof stochasticlocal searchalgorithmsfor SAT.

The systematicsolvers, all of which are variantsof the well known Davis-
Logemann-Lovelandprocedure[3], fall into differentcategories.Someof theun-
derlying algorithms,suchasPOSIT [5], NTAB [2], andSATZ [20], rely main-
ly on powerful branchingrules to direct the search.Others,including GRASP
[22], REL_SAT [1], andSATO [29], usevariousmechanisms,suchasdynamic-
backtrackingtechniques,toavoid thedisadvantagesof chronologicalbacktracking.
Recently, somehigh-performingsystematicsolvershave beenrandomisedto fur-
ther improve their performance[8]; SATZ-rand and REL_SAT-rand,which are
variantsof thebasicimplementationsof thesealgorithms,fall into thiscategory.

Note thatmany of the techniquesthesealgorithmsarebasedon, canbe com-
binedin variousways.Someof thesolverscurrentlyavailablerealisesuchcom-
binationswhile othersarecurrentlybeingextendedto incorporatetechniquesini-
tially usedonly by certainothersolvers.Generally, over the pastfew years,the
developmentof SAT algorithmshasprogressedrapidly, andwe expect that new
developmentswill leadto evenmorepowerful solversin thenearfuture.

4. Submission Guidelines

To increasetheusefulnessandscopeof SATLIB, wedependoncontributionsfrom
the membersof the researchcommunity. Thesesubmissionswill help to further
extendtheSATLIB benchmarksuitewith challengingnew instances(in particu-
lar, SAT-encodedinstancesfrom otherapplication)andthe solverscollectionby
new high-performingalgorithms.To facilitatetheuseof SATLIB for testingand
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evaluatingSAT algorithmsandto ensureauniformformatandappearance,weask
contributorsto follow somesimpleguidelines:

BenchmarkProblems
All probleminstancesshouldbeencodedin DIMACScnf format.Thedescription
of this formatandexamplesareavailablefrom theSATLIB BenchmarkSection.
The cnf files shouldbe packagedinto ! .tar.gz or ! .zip files. If you think it
makessenseto divide thesetof instancesyouaresubmittinginto severalpackages
whichshouldbedistributedseparately, youmaybundlethemasyouseefit.

You shouldprovide informationon theinstances,at leastnumberof variables,
clauses,somebackgroundontheproblemclass,andgiveevidencefor thepotential
interestof theinstancefor theSAT community(suchas:they arehardfor aspecific
classof solvers,they stemfrom interestingapplicationsof SAT, . . . ). For exam-
ples,seethedescriptionsin theBenchmarksSectionof SATLIB. Thedescription
you sendshouldideally be in the form of a HTML document,but canalsobe a
Postscriptor PDFfile. Pleasedo not sendresearchpapersinsteadof theproblem
description,unlessthe descriptionof the problemclassthe benchmarkproblems
aretakenfrom is themaintopic of thepaper.

Solvers
All solversshouldacceptDIMACS cnf format (seeabove) or be bundledwith a
wrapperscript(preferablyperl)whichtranslatescnf into theinput formataccepted
by the solver. All sourcesand a makefile for at leastUnix/Linux environments
shouldbebundledinto a ! .tar.gz (or ! .zip) file.

Youshouldprovide informationon thesolver (complete/incomplete,algorithm
sketch,. . . ), possiblyashortdescriptionin form of anHTML document.Youmay
alsosendaresearchpaper(or referencesto papers)if thesolver is themaintopicof
thepaper. Ideally, you shouldalsosubmitevaluationdatafor your solver applied
to SATLIB benchmarkproblems.

Referencesfor theAnnotatedBibliography
Pleasesendus the entrieseither as plain text or in BibTeX format. Submitted
entriesshouldcontainall bibliographicallyrelevantinformation.Additionally, you
shouldincludea URL if the paperis available online, aswell as a short list of
keywordsand/orconcisenoteson its contents.

General Instructions
Pleasesendyour submissionsasemail attachmentsto hoos@cs.ubc.ca. When
your submissionis includedin SATLIB, you will be automaticallyaddedto the
“PeopleInvolvedin SAT Research”sectionof SATLIB. If youwantto havea link
to yourhomepageadded,pleasesendustheURL, otherwise,wewill link to your
emailaddress.
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Pleasebepatient.Wewill try to includeyour submissioninto SATLIB assoon
as possible,however, we usually will collect a numberof updaterequestsand
submissionsbeforereleasinganew versionof SATLIB.

5. Other SATLIB Components

While the BenchmarkSuite and the Solver Collection areSATLIB’ s corecom-
ponents,SATLIB alsoprovidesa numberof additionalfeatureswhich intendto
supportandstimulateSAT-relatedresearch.A list of peopleinvolved in research
on SAT gives easyaccessto the homepages(or, if not available, to the email
addresses)of active membersof theSAT community. A list of SAT-relatedevents
andactivities providesanoverview over conferences,workshops,or journal spe-
cial issues.Finally, SATLIB containsa collectionof links to relatedsites,suchas
webpagesonspecificSAT or SAT-relatedtopicsor otherbenchmarklibraries.

Only recently, with supportfrom TobyWalshandIanGent,afirst versionof an
annotatedbibliographyonSAT hasbeenaddedto SATLIB. Theindividual entries
containbibliographicdataaswell asURLsfor electronicversions,somekeywords
and/ornoteson the contentsfor mostpapers.Currently, this bibliographyis still
very incomplete.But we hopethat with the supportof the community, this will
becomeaveryusefulresource,whichwill facilitatetheaccessto anextensive col-
lectionof publicationson SAT andmaythushelpin finding andlocatingrelevant
researchpapersaswell asin providing a first orientationto new membersof the
SAT community.

6. Conclusions and Future Developments

We describedSATLIB, an online resourcefor SAT-relatedresearchfirst estab-
lished in 1998.SATLIB comprisesa benchmarklibrary as well as sourcecode
distributionsfor anumberof themostpopularandbest-performingSAT algorithms
known to date.Thesecorecomponentsareaimedat facilitatingempiricalstudies
of SAT algorithms,which in the pasthave beeninstrumentalin improving the
performanceof SAT solversaswell asin enhancingourunderstandingof theirbe-
haviour. SATLIB alsocontainsvariousothercomponents,includinganannotated
bibliographyof publicationson SAT, which areprovidedto supportandstimulate
SAT-relatedresearchactivities.

Futurereleasesof SATLIB will hopefullyprovide anextendedbenchmarkcol-
lection andnew SAT solvers,aswell asa considerablyextendedversionof the
annotatedSAT bibliography. In this context, we have to rely on thesupportfrom
theSAT community— thecontinuingusefulnessof SATLIB asaresourcecrucial-
ly dependsonsubmissionsandfeedbackfrom fellow researchers.Furthermore,we
planto extendSATLIB in variousways.Firstly, we intendto provide moretools,
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suchasimplementationsof convertersbetweendifferentformatsof SAT problems,
implementationsof polynomialsimplificationstrategiesfor SAT instances,or tools
for theempiricalevaluationof theperformanceof SAT solvers.Secondly, wewant
to provideresultsontheperformanceof variousSAT solvers,in particulartheones
availablethroughSATLIB, ontheSATLIB BenchmarkSuite.Finally, weconsider
to extendSATLIB to problemstightly relatedto SAT, suchasMAX-SAT, QSAT,
or therecentlyintroducedstochasticSAT anddynamicSAT problems[21, 14].

Generally, we hopethatSATLIB will continueto be a usefulresourcewhich,
utilised and supportedby the SAT community, may contribute to supportand
advanceSAT-relatedresearch.
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