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Validation (domain situation)

Informal user feedback

Users : one neuroscientist over two months

Task :identify/compare patterns in fMRI data
Result: encouraging feedback regarding the usability
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Pattern: meaningful difference between individuals in (b)

fMRI:functional magnetic resonance imaging 14

Time curves: summary

What: Data

What: Derived

Why: Tasks

How: Encode

Scale

Time series: Wikipedia histories, videos
and dynamic network
Pairwise distances

Reveal patterns in temporal datasets

Circles and dots:time stamp
Curve:evolution
Distance and colour: similarity

About 100 time points

What else?

Patterns and examples!
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Cluster : minor revision

Transition: big progression

Cycle :back to previous point after a long progression
Outlier :large sudden changes

Specific combination of geometric characteristics
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Surveillance video

Derived data Patterns
Time stamp: one frame/second Cluster: minor changes
Distance : normalized absolute pixel difference Outliers: moving people

Video summarization, angmaly detection
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Conclusion

* A general approach for visualizing patterns of evolution
in temporal data

+ Demonstrated by lots of examples (solid work)

* Gives developing history of time curve method

(a) Prototype (b) Proto. (c) Distance matrix (d) time ordering
#1 #2 in Proto. #3 on x axis, Proto. #3

Useful in other domains such software engineering
management, law making study...

Critiques

* No direct comparison with previous work
* Validation is insufficient

Raised hat
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Default position
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Video Interpretation from [37]

Animated movie example in the paper

[37] Image Spaces and Video Trajectories: Using Isomap to Explore Video Sequences
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Thanks!
Q&A
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