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Outline of the lecture

This lecture introduces you to the fascinating subject of classiincat
and regression with artificial neural networks. In particular, it

4 Introduces multi-layer perceptrons (MLPS)
1 Teaches you how to combine probability with neural networks

so that the nets can be applied to regression, binary classifi

and multivariate classification.
1 Describes the relation between energy functions (cost/loss

functions) and probabilistic models.



MLP — 1 neuron
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MLP — 1 neuron
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WODEN LAYER MLP — 3 neurons, 2 IayerS
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MLP — 3 neurons, 2 layers
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MLP — 3 neurons, 2 layers
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1 e, MLP — Regression
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1 e, MLP — Regression




1 e, ! MLP — Multiclass
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N : MLP — Multiclass
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MLP — Multiclass
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Backpropagatio




1 e, Backpropagation
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N Backpropagation
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N Backpropagation




Next lecture

The next lecture presents an overview of how neural networks
(including convolutional ones) are being applied in practice.



